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Executive summary

This study examines how monetary policy transmits through the housing market in Great
Britain, with particular focus on the cash flow channel. The analysis traces the dynamic
response of three key parts of the channel: mortgage rates, house prices and rent prices for
two years following a contractionary shock to Bank Rate. An instrumental-variable local
projection (IV-LP) framework is employed using monthly data from January 2005 to
December 2024 to estimate impulse response functions (IRFs). The point estimates and
direction of the IRF's suggest that the pass-through from Bank Rate to two-year fixed
mortgage rates is relatively weak and delayed. In contrast, house prices decline gradually
with a lag, while rent prices rise at a lag before returning close to baseline. This pattern
suggests that housing market adjustment reflects multiple transmission channels, rather than
the cash-flow channel alone, and could potentially have disproportionate impacts. Notably,
IRFs have greater precision in a pre-COVID sample, suggesting that monetary policy
transmission may weaken during periods of heightened volatility or regime change. This
study also provides evidence on the applicability of IV-LP methodology to UK housing
market data, as it is a methodology that has had limited use in the existing UK literature.
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1. Introduction
1.1 Background

Over recent years, the UK has experienced the most aggressive monetary tightening cycle in
decades. Between December 2021 and August 2023, the Bank of England (BoE) raised Bank
Rate from 0.1% to 5.25% across 14 consecutive meetings to combat high inflation (Smith,
2023). Bank Rate has since been gradually cut to 3.75%, as of April 2026, but remains well
above the post-2008 average (BoE Database, 2026). However, recent Monetary Policy
Committee (MPC) communications emphasise a cautious approach to future decisions, due to

ongoing geopolitical uncertainties that may pose inflation risks (BoE, 2026).

Increases in Bank Rate reduce inflation by moderating aggregate demand through higher
borrowing costs and returns to savings. This occurs through various monetary transmission
channels, with several operating through the housing market (Burr and Willems, 2024). The
housing impact is significant in the UK, as it is the largest component of household wealth,

approximately 40% of total assets (ONS, 2026).

1.2 Research question and hypothesis

Given the importance of housing in monetary transmission to the economy, this study
investigates how monetary tightening impacts the housing market in Great Britain between
2005 and 2024. The analysis focuses on the cash-flow channel of monetary transmission,
where changes to Bank Rate first transmit to mortgage rates, which subsequently affect
households’ mortgage repayments, disposable income, and housing demand (Burr and
Willems, 2024). This channel is particularly important in the UK context, given the BoE’s
2023 household survey found that borrowers cut spending by £50 for every £100 increase in
mortgage payments. Recent empirical evidence suggests rents rise due to mortgage cost

pass-through by landlords and tenure switching from ownership to renting.

To trace the transmission of the cash-flow channel, this study estimates impulse response
functions (IRFs) for three outcomes along the channel: two-year fixed mortgage rate, house
prices and rent prices. It estimates IRFs using instrumental-variable local projections (IV-LP),
instrumented using a high-frequency monetary policy shock series. This enables responses to
be traced at future horizons and be interpreted as an unexpected contractionary shock to Bank

Rate, avoiding endogeneity. The hypotheses are set out below and illustrated in Figure 1.
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H1: Two-year fixed mortgage rates rise relatively quickly.
H2: House prices decline with a lag.

H3: Rent prices increase with a lag.

Figure 1: Hypothesised transmission

Unexpected MPC tightening

First stage

H1: Mortgage rates rise quickly

Second stage

H2: House prices decrease H3: Rent prices increase
—_—

1.3 Literature contribution and policy relevance

This study contributes to the literature on monetary policy transmission and the housing
market in several ways. First, it provides an updated empirical analysis of UK housing market
responses to monetary policy, incorporating more of the recent tightening cycle. Second, the
existing UK evidence on rent price responses and fixed rate mortgages is limited, with
seemingly no other specifically considering the two-year fixed rate, therefore filling a gap in
the literature. Finally, an IV-LP methodological approach has not been widely applied to UK

housing market data and therefore provides a potential benchmark for future research.

The findings are relevant for policymakers seeking to understand how contractionary shocks
to Bank Rate transmit through the economy in practice. They highlight whether there could
be any potential distributional consequences, which is particularly important as the proportion
of renters has doubled since 2000, and typically lower paid in society (English Housing
Survey, 2024). Additionally, the use of the IV-LP methodological approach provides

relevance for future research on the related topics.
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1.4 Roadmap for the study

The remainder of the study is structured as follows. Section 2 reviews the theoretical and
empirical literature on the transmission of monetary policy and compares methodological
approaches. Section 3 describes the data and testing. Section 4 outlines the methodology.
Section 5 presents and discusses the results. Section 6 considers limitations and future

research. Section 7 concludes with key findings and policy implications.

2. Literature Review
2.1 Theory

The theoretical literature on monetary policy transmission provides a foundation for
understanding how changes in Bank Rate affect housing markets. Mishkin (1995) synthesises
a Journal of Economic Perspectives symposium on monetary transmission to identify four
key transmission channels: interest rates, exchange rates, asset prices and credit conditions.
The interest rate channel reflects the traditional Keynesian view that tighter monetary policy
raises real interest rates, increases borrowing costs and hence reduces investment,
consumption and aggregate demand. Taylor (1995) presents this mechanism within a New
Keynesian framework that includes rational expectations and price rigidities. However, the
interest rate channel alone cannot fully explain the size and timing of monetary policy’s real
effects, motivating other channels (Mishkin, 1995). Meltzer (1995) emphasises asset price
transmission through Tobin’s q, while Bernanke and Gertler (1995) argue that credit market

frictions amplify monetary policy through the credit channel.

Although Mishkin (1995) synthesises US papers, the transmission channels are neither US-
specific nor time-specific. Burr and Willems (2024) show that the same four transmission
channels operate in the UK. They develop a “bottom-up” representation of the UK monetary
transmission mechanism (MTM), which includes additional channelling and a staged
structure (Figure 2). The channels are present in models used by the BoE in their forecasting

(BoE, 2013), making it relevant for this study.
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Figure 2: “Bottom-up” MTM (Burr and Willems, 2024)
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Burr and Willems (2024) explain the MTM through two main stages. In the first stage, Bank
Rate transmits to financial conditions as firms and households do not encounter Bank Rate
directly and instead face mortgage rates and deposit rates that are determined by financial
markets. When Bank Rate is increased, banks’ funding costs increase (Wheelock, 2016), and
should pass relatively quickly to households and firms. The second stage then transmits these

higher rates through the various transmission channels.

The interest rate channel

As explained by Burr and Willems (2024), when Bank Rate rises, the interest rate channel
reduces housing demand through two mechanisms: intertemporal substitution and cash-flow.
Intertemporal substitution raises borrowing costs and the returns to saving, which encourages
households to substitute spending for saving, therefore reducing consumption. The cash flow
channel operates directly through mortgage rates, where banks raise mortgage rates and pass
down to mortgagors who have to pay more for their mortgage, reducing disposable income
and constraining spending. Both therefore reduce demand for housing, which exerts
downward pressure on house prices. The impact on rents is more ambiguous, where prices
should fall since along with other goods; however, the cash-flow channel may generate

supply and demand pressures that can push rents up. Homeowners may get priced out of
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ownership and shift into the rental market, increasing demand and prices, additionally
landlords who face higher mortgage repayments may then increase rent prices they charge to

tenants (Abramson et al.,2025; Zemaityte et al., 2023).

Wealth and credit channels

The wealth channel acts as an amplification mechanism, where declines in asset prices reduce
households’ wealth and consequently reduce consumption further. Housing accounts for 40%
of total household wealth (ONS, 2026), so reductions in house prices amplify this. The credit
channel tightens household borrowing capacity through two key channels formalised by
Bernanke and Gertler (1995). The balance sheet channel can be explained through a collateral
constraint, where decline in asset prices reduces borrowing capacity, amplifying effects of
monetary policy (Kiyotaki and Moore, 1997). The bank lending channel operates through
changes in the supply of bank credit, which can reduce banks’ willingness to lend further

amplifying transmission (Bernanke and Gertler, 1995).

A limitation of the theoretical literature is that the strength and outcomes of monetary
transmission vary in practice, with particularly ambiguous effects on rents. Burr and Willems
(2024) note that transmission depends on debt levels, macroeconomic conditions, and the

policy stance, motivating empirical analysis.
2.2 Empirical Evidence

The following subsections review the evidence on each variable in turn. The last subsection

2.2.4 compares methodological approaches and motivates the use of LPs for this study.
2.2.1 Mortgage rates

Early empirical studies examine the pass-through from Bank Rate to variable mortgage rates
using error-correction models (ECMs) and find a near complete pass-through in the long run.
Hefternan (1997) employs a linear ECM on UK retail rates between 1981-1991 and finds that
pass-through is close to complete in the long run, but gradual in the short run due to pricing
frictions and imperfect competition. However, the linear ECM imposes constant adjustment
speeds across regimes. Hofmann and Mizen (2004) directly address this in their asymmetric
ECM using data on deposit and mortgage rates offered by UK financial institutions. They
show that whilst long-run pass-through is near complete, the short run is asymmetric, and the

speed of adjustment is quicker when the gap between rates and Bank Rate is widening.
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The limitation with early studies is their focus on variable rate mortgages, since fixed rate
products have accounted for the majority of new UK mortgage lending since the mid-2000s
(BoE, 2025). De Stefani and Mano (2025) find that fixed mortgages weaken the monetary
transmission in comparison to variable rates. Using a panel local projection analysis of 35
countries, they find that variable rates respond near to 1:1 with Bank Rate, whilst fixed rates
adjust to their peak of around half the amount approximately two quarters after the increase.
This is because fixed rates depend on expected borrowing costs over their term (Private

Finance, 2024). Therefore, evidence on fixed rate mortgages is more applicable to this study.

UK evidence on fixed-rate transmission is limited. Albuquerque et al., (2025) report IRFs for
the UK average five-year mortgage spread in their appendix as part of a wider housing study.
Using a high frequency shock series in a proxy-SVAR, they find that unexpected
contractionary monetary policy increases mortgages rates up to around 6 months before
gradually declining and turning slightly negative at longer horizons. However, the response is
not statistically significant, with large confidence intervals. Given limited UK evidence this
study contributes by analysing the response of the two-year fixed mortgage rate to monetary

policy shocks.
2.2.2 House prices

Most empirical studies find that house prices decline following a contractionary monetary
policy shock, which is consistent with theoretical predictions. However, there is

heterogeneity of the shape and magnitude of responses across studies and countries.

Ehrenbergerova et al. (2023) conduct a meta-analysis of 1,555 impulse responses drawn from
37 VAR-based studies across countries and seven decades. On average, they estimate that a 1
percentage point (pp) unexpected increase in the policy rate leads to a gradual decline in real
house prices to approximately 1.2% after two years, before rising. Whilst informative, the
average masks heterogeneity across countries and may be affected by publication bias since

insignificant estimates are likely to be reported.

Differences in mortgage market structures and credit transmission channels are two potential
explanations for country heterogeneity. Calza et al., (2013) show that monetary transmission
is typically stronger in economies with more developed and flexible mortgage markets.
Additionally, Iacoviello and Minetti (2008) find that credit transmission channels vary across
European countries due to differing housing finance and mortgage structures, impacting the

strength and amplification effects of monetary policy. Consistent with this heterogeneity,
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Ehrenbergerova et al., (2023) find that UK house prices decline by around 2.2% following a
contractionary shock, compared to approximately 0.6% in Germany. Germany has a low
property ownership rate, and their mortgage structure is typically long-term fixed mortgage
rates, beyond ten years, so this could explain relative weakness (Fitch, 2020; Barasinska et

al., 2019). The variation motivates focus on UK-specific evidence.

Albuquerque et al., (2025) estimate a proxy-SVAR between 1997 and 2023 to find that
nominal and real UK house prices decline following a contractionary shock and exhibiting a
hump shaped profile. The point estimates show that following a 1pp increase in Bank Rate,
real house prices gradually fall to approximately 6% after 16 months, before rising. This
suggests a greater fall in comparison to the 2.2% Ehrenbergerova et al. (2023) reported for
the UK. They rationalise these findings using a heterogeneous-agent New Keynesian
(HANK) model with a modelled housing sector, showing housing market activity falls and
transaction volumes decline, suggesting a sluggish price adjustment following a

contractionary shock.
2.2.3 Rent prices

Empirical research on rents' response to monetary policy shocks is sparser than for house
prices. Most studies find real rents rise after Bank Rate increases, though magnitudes and

timings vary, reflecting the theoretically ambiguous channel.

In the US, most studies conclude similar findings, where real rents gradually rise and stay
above their initial values for at least two years following a contractionary shock to Bank Rate.
Dia and Duarte (2019) estimate a proxy-SVAR to find that rents increase by approximately
1%, whilst rent vacancies and homeownership rates decline. They interpret this as evidence
that monetary tightening induces households to shift from owning to renting, increasing
demand and prices for rental properties. Abramson et al., (2025) reach a similar finding using
an IV local projection approach on a constructed US repeat rent index. Using the 30y
mortgage rate as the instrumented variable, they find that a 25-basis point (bp) unexpected
increase in mortgage rates raises real rents by approximately 0.7% after 12 months, and up to
1.5% by 24 months. The 68% confidence bands are greater than zero for all horizons,
suggesting sustained rise. However, the US rental market has different properties to the UK,

such as tenancy structures, which motivates a UK focus.

UK evidence is more mixed. Albuquerque et al. (2025) estimate a proxy SVAR using an

aggregate rental index over 1997 and 2023 and find that real rents rise modestly following a
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contractionary monetary policy shock, reaching a peak at 16 months before gradually falling.
They rationalise a muted increase using a heterogeneous agent New Keynesian (HANK)
model where private landlords behave like “wealthy hand to mouth agents” and do not pass
higher mortgage costs on to tenants in the short run. Using UK private rental microdata from
Zoopla, Lazarowicz and Richard (2023) find that rents respond more quickly, increasingly
shortly after a shock, and remaining elevated for around 5 months before declining. The
difference between these results likely reflects rent indices used since aggregate data reflects
the existing stock of rents at the time, whilst micro level data captures the newly listed rates.
Interestingly Lazarowicz and Richard (2023) also estimate impulse responses for the same
aggregate index as Albuquerque et al. (2025) and find that rents gradually rise and continue to
do so without falling. Given this study uses the same index, it will be useful to compare

results.
2.2.4 Methodological approaches

The empirical literature on monetary policy transmission to the housing sector primarily
estimates IRFs to examine how variables respond over time, recognising that monetary policy
affects the economy at a lag. IRFs are commonly estimated using two methodological
approaches: structural vector autoregressions (SVARs) and LPs. They differ in the way they

are estimated and have trade-offs that motivate the approach chosen for this study.

SVARs, introduced by Sims (1980), estimate IRFs from a multivariate system, whilst LPs,
introduced by Jorda (2005), estimate the response at each horizon through a sequence of
regressions. The literature increasingly combines both approaches with high-frequency
monetary policy surprises to isolate the unanticipated component of policy rate changes.
High-frequency shocks were initially used in event-study regressions (Kuttner, 2001;
Bernanke and Kuttner, 2005), and more recently applied as external instruments for policy
rate movements in SVARs (Gertler and Karadi, 2015) and LPs within an IV framework
(Stock and Watson, 2018).

Empirical studies report a variance-bias trade-off between the methods. Castellanos (2025)
uses a Monte Carlo simulation study to show that LPs produce IRFs with lower small sample
bias than VARs, as they avoid imposing restrictive dynamic structure, but at the cost of higher
variance. Plagborg-Mgller and Wolf (2021) similarly show that while LP and VAR estimators
target the same impulse responses in population, LPs display substantially higher variance at

intermediate and long horizons in finite sample. In related work, Montiel Olea and
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Plagborg-Mgller (2021) introduce a lag-augmented local projection approach, that delivers

valid inference in the presence of non-stationary and highly persistent data.

The lower bias of LPs is attractive for this study given its robustness to misspecification.
Moreover, the lag-augmented variant is particularly suited to housing market data, as it is
typically non-stationary. Therefore, this study uses lag-augmented LPs, with a high frequency

shock series as an V.

3. Data

This study uses a monthly time series dataset spanning January 2005 to December 2024. This
period ensures data consistency, sufficient observations, and coverage of the recent monetary
tightening cycle. IRFs are estimated for three outcome variables: mortgage rates, house prices
and rent prices, using a high frequency monetary policy shock series as an instrument. The
identification strategy and estimation framework are provided in section 4. Variable

definitions, transformations and tests are detailed below.

Outcome variables

The UK average monthly two-year fixed mortgage rate at 75% loan to value (LTV) is used,
reflecting one of the most popular UK mortgage products. Two-year fixed mortgages rates
accounted for 64% of new mortgage lending in 2024, reflecting their importance in
household borrowing decisions (Uswitch, 2024). The series is sourced from the BoE database
(code “IUMBV34”) and measures average rates on new lending. New lending ensures that

the estimated responses capture the pass-through of monetary policy to borrowing costs.

House prices and rents are measured using the House Price Index (HPI) and Index of Private
Housing Rental Prices (IPHRP) for England. The HPI reflects the average transaction prices,
while the IPHRP measures the monthly average rental prices in the private sector. Both
indices are provided by the Office for National Statistics (ONS, 2025). To account for
changes in the general price level, the series are deflated using the Consumer Prices Index

(CPI), using formula (1).

Nominal Price

(1) Real Price = ——— x100
CPI Index
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Once deflated into real terms, they are converted into log-levels to be interpreted in

percentages. Nominal prices are also converted to log-levels and estimated for comparability.

Identification Instrument

Identification uses a high-frequency monetary policy shock series from the UK Monetary
Policy Event Study Database (UKMPD), constructed by Braun et al. (2024). The series
captures intraday movements in financial market instruments within narrow windows around
MPC announcements, providing a measure of market expectations of Bank Rate. Values
range between -1 and 1, with positive values indicating an unexpected tightening and
negative values indicating an unexpected easing, including cases where Bank Rate remains

unchanged.

Following Albuquerque et al. (2025), the analysis restricts attention to the target factor around
MPC decision announcements, excluding Monetary Policy Report releases, as these capture
conventional interest-rate shocks. As the MPC meets eight times per year, the series is
aggregated to a monthly frequency to align with the dataset. In months with multiple MPC
announcements, such as March 2020, surprise values are summed, while months with no

policy events are assigned zero.

The series is displayed in Figure 3, with expected spikes around unexpected policy decisions.
Bank Rate is specified in first differences so that the UKMPD shock series can be used as an

external instrument for unexpected changes in Bank Rate.

Figure 3: UKMPD Monetary policy shock series
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Controls

While high-frequency monetary policy shocks are exogenous by construction, and do not
require control variables (Ramey, 2016), the empirical literature commonly uses a small set
of macroeconomic controls to absorb residual variation. Therefore, this study includes lags of
real GDP. Inflation is not applied as a control since house and rent prices are already
converted to real terms. In addition, COVID dummies covering March 2020 to July 2021 are

included and 12-month dummies to deal with seasonality.

As discussed in section 4, I apply a lag augmented approach to the IV-LPs, where 12 lags of
the outcome variable are included, alongside three lags of Bank Rate and real GDP in each
regression to help account for persistence in the data. Lag choice is discussed further in this

section too.

Kent Economics Degree Apprentice Research Journal, Issue 4, 2026. 12



Figure 4: Summary of variables

*Lags and dummies not included.

Variable Description Source Summary statistics
Outcome variables
2y fixed Monthly average UK 2-year fixed Mean:3.32
y Hxe mortgage rate on new lending 75% LTV BoE Database Maximum:6.6
mortgage rate (%) Minimum:1.35
Standard Dev:1.52
Mean:12.13
Nominal house House Price Index for England, ONS Maximum:12.37
prices log-levels. Minimum:11.92
Standard Dev:0.14
Mean:12.19
Real house Nominal house prices deflated by CPI, ONS Maximum:12.04
prices log-levels. Minimum:12.32
Standard Dev: 0.09
Mean:6.81
Nominal rent | Index of Private Housing Rental Prices Maximum:6.97
. ONS o
prices for England, log-levels. Minimum:6.65
Standard Dev:0.09
' ' Mean:6.88
Real rent prices Nominal rent prices deflated by CPI, ONS ng.1mum:6.93
log-levels. Minimum:6.84
Standard Dev:0.03
Identification Instrument
Mean:0.002

High frequency

UK Monetary Policy Event Study

Maximum:0.21

. Database target factor, aggregated to BoE Database o
shock series Minimum:-0.42
monthly
Standard Dev:0.04
Policy rate

Mean:-0.02

Bank Rate BoE Base Rate first differenced BoE Database ng.1mum:0.25
Minimum:-1.5
Standard Dev:0.17

Controls

Mean:1.61

Real GDP Monthly real GDP indicator for the UK. ONS Maximum:4.8

(YoY)

Minimum:-6.3
Standard Dev:2.14
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Data diagnostics

Unit roots and structural breaks

When working with time-series data, unit-root tests assess persistence and inform modelling
choices, as non-stationary series can generate spurious results. Augmented Dickey-Fuller
(ADF) tests were conducted for all variables to test for unit roots. The null hypothesis (HO) is
that the series contains a unit root and can be rejected when the p-value falls below the 5%
significance level (0.05). The results are reported in figure 5. Several housing market
variables exhibit unit-root behaviour, particularly rents, so a lag-augmented approach is

adopted, where additional lags of the outcome absorb stochastic trends.

Figure 5: ADF test results

Variable ADF test P-value | Stationary/non-stationary
Real House prices 0.58 Non-stationary
Stationary when I(1)
Nominal House prices 0.03 Non-stationary,
Stationary when I(1)
Real Rents 0.24 Non-stationary,
0.19 Non-stationary when I(1)
Nominal Rents 0.61 Non-stationary,
0.66 Non-stationary when I(1)
2y Fixed Mortgage 0.73 Non-stationary,
Non-stationary when I(1)
UKMPD shock <0.01 Stationary
Changes in Bank Rate <0.01 Stationary
Real GDP <0.01 Stationary

To assess structural breaks, the Bai-Perron multiple break test is applied, which identifies the
points the average level of a time series changes. The results, reported in Appendix Figure 1,
indicate common breaks around the COVID-19 period, motivating testing the inclusion of
dummy variables for these episodes. The rent series also exhibits a break likely associated

with a methodological change, which is addressed in robustness checks.
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4. Methodology
4.1 Empirical approach

An ordinary least squares (OLS) approach was initially considered to estimate the
relationship between Bank Rate and the housing variables. However, OLS estimates would
likely be biased due to endogeneity as monetary policy decisions respond to macroeconomic
developments including in the housing market. Furthermore, financial markets often
anticipate changes in Bank Rate, causing housing variables to adjust in advance, further

violating the exogeneity assumption required for OLS.

To address this issue and align with empirical literature, this study uses LPs to estimate IRFs.
The IRFs trace the responses of the mortgage rates, house prices, and rent prices over 24
months following an unexpected contractionary shock to Bank Rate. The methodology
follows the LP framework introduced by Jorda (2005) combined with an
instrumental-variable (IV) to accommodate endogeneity and lag-augmentation for non-

stationarity.

LPs estimate IRFs by running separate regressions for each future horizon. For each outcome
variable (e.g. house prices), and each horizon: h = 1,2... H, the future value of the outcome
variable is related to the change in Bank Rate at time t. As Bank Rate is endogenous, this
study applies an IV approach, introduced by Stock and Watson (2018). Changes in Bank Rate
are instrumented using the UKMPD high frequency shock series to isolate the unexpected
component of Bank Rate movements. Estimation is conducted within a two-stage least
squares (2SLS) local projection framework, allowing the resulting IRFs to be interpreted as
the responses of housing variables to an unexpected monetary policy tightening. Although

estimated within the same 2SLS formula, it is helpful to interpret the approach in two stages.

In the first stage (equation (2)), the UKMPD MPC shock series is used to isolate the
exogenous component of the first difference of Bank Rate Ai,. This yields the exogenous
component At, which is then implemented in equation 3 to allow for the IRFs to be plotted

using the package “lpirfs” in RStudio.
(2) Ai; = a + dshock; + v,

(3) Vern = A + Bty + YaXe + Vegn
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Ye+n denotes the outcome variable at time t + h. The coefficient 5 captures the impulse
response for each horizon h to an exogenous rise in Bank Rate occurring at time t. a;, is the

intercept, v,y the error term, and y;, x; represents the controls as set out in section 3.

Lag augmentation is also applied, as several housing variables exhibit unit root behaviour
(section 3.2). As shown by Montiel Olea and Plagborg-Mgller (2021), including additional
lags of the outcome variable as controls improves inference in local projection models,
including the presence of unit roots. This approach is preferred as it allows the outcome
variables to remain in log-levels, so IRFs can be read directly in percentage points from the

baseline.

The precise number of additional lags required under lag augmentation cannot be determined
exactly, so it is chosen based on existing empirical studies and VAR lag order selection using
Akaike Information Criterion (AIC). In studies using monthly data, 12 lags of the dependent
variable are fairly common, for example Albuquerque et al. (2025) use 12 lags of dependent
variables in their monthly proxy-SVAR. The AIC-based selection also supports this choice, as
set out in Figure 6. Therefore, in all baseline specifications, the control vector includes 12
lags of the dependent variable, three lags of real GDP and 3 lags of Bank Rate to account for
broader macroeconomic conditions, policy persistence and improve inference. Dummy

variables are included within controls for the COVID-19 period and calendar months.

LP residuals are known to exhibit serial correlation, so the LPs are estimated using
heteroskedasticity and autocorrelation consistent (HAC) Newey-West standard errors, in line
with Jorda (2005). While lag augmentation helps absorb serial correlation, HAC standard

errors are retained as a conservative approach to inference.

Figure 6: AIC lag selection

Variable AIC Lag suggestion
Real House Prices 10
Real Rent Prices 12
2y Fixed Mortgages 5
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4.2 Instrument validity testing

To ensure the validity of the high-frequency shock as an instrument, three conditions must
hold in the LP-1V framework (Stock and Watson, 2018): (i) relevance, (i1) contemporaneous

exogeneity, and (iii) lead-lag exogeneity.

(1) Relevance requires the instrument to be sufficiently correlated with changes in the policy
rate. This is assessed by estimating the first-stage F-statistic from equation (3). Following
Staiger and Stock (1997), values below 10 indicate weak-instrument concerns. A HAC-robust
Wald F-test with not including any dependent variable lags yields an F-statistic of 14.
Re-estimating to include 12 lags for each outcome variable produces similarly strong and

relevant results (Figure 7).

Fioure 7: First stage F-statistics

Variable F-stat
2y Fixed Mortgage 15
Real house prices 28
Real rent prices 20

(i1) Contemporaneous exogeneity requires that the instrument affects the outcome only
through changes in the policy rate and is uncorrelated with other contemporaneous shocks.
The use of high-frequency shocks around MPC announcements supports this assumption,

therefore the condition is likely satisfied.

(i11) Lead-lag exogeneity requires the instrument to be uncorrelated with structural shocks at
all leads and lags, other than the contemporaneous one. For each outcome a joint Wald test is
applied to four leads of the shock (Pustejovsky, 2026), conditional on controls. The null is
that future shocks do not predict current ones, with a P-value greater than 10. A four-month
lead horizon is used as it corresponds to one quarter, whilst a six-month horizon is reported
for robustness. As shown in figure 8, the null is not rejected for house prices or mortgage
rates, but for rents it is rejected. This likely reflects the properties of the rent series but does
mean the result should be interpreted with caution. Additionally, the results are sensitive to
the choice of lead length, which likely reflects the persistence and slow adjustment of

housing variables alongside small sample variability, rather than anticipation effects.
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Figure 8: Joint Wald test on lead co-efficients.

Variable P-Value (4 horizons) | P Value (6 Horizons) | Reject null?
House Prices 0.27 0.11 No
Rents 0.004 0.00 Yes
2y Fixed Mortgage | 0.1 0.11 No
5. Results

5.1 Headline results and discussion

This section presents the headline IRFs for mortgage rates, house prices and rent prices,

estimated using the 2SLS formula (3) (section 4). The IRFs are reported with 68% and 95%

confidence intervals and can be interpreted as the response up to 24 months after a 25bp
contractionary shock to Bank Rate, which is representative of a typical UK policy move.

Detailed horizon beta coefficients, standard errors and significance can be found in the

Appendix as Figure 2. Robustness checks are reported in section 5.2.

In summary, the point estimates suggest a weak but gradual increase of the two-year fixed
mortgage rates, alongside a delayed decline in house prices and increase in rents, though
effects estimated with uncertainty. The findings are broadly consistent with the hypothesis

and align with parts of the theoretical and empirical literature, discussed in detail below.

Figure 9: Two-year fixed mortgage rates
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Figure 9 displays the IRF of the two-year fixed mortgage rate. The point estimates suggest
that mortgage rates rise gradually to reach a peak around 6 months, before easing back
towards zero at longer horizons. However, the response is relatively small, and the
confidence intervals cover zero across nearly all horizons. This provides limited evidence of a
strong or fast first-stage pass-through from Bank Rate, and the response is weaker than

hypothesised in HI.

The weak response and delayed increase could be explained by the fact that the two-year
fixed mortgage rate is priced from the two-year swap and gilt curve, reflecting the expected
average path of Bank Rate over the next two years, rather than its current level. Therefore, the
magnitude of the response depends on how much the surprise shifts expectations over the
next few years. This aligns with the empirical literature reviewed on fixed rate mortgages. De
Stefani and Mano (2025) similarly use local projections to find that fixed rate mortgages
weaken monetary transmission in comparison to variable rate mortgages. Whilst they report
estimates that show a faster initial response, the peak is reached at a similar time horizon and
magnitude to this study. Differences may reflect their cross-country setting, alternative
sample period, and the presence of wide confidence bands. The UK-focused study by
Albuquerque et al. (2025) that estimates the response of five-year fixed mortgage spread over
a similar time period further supports this conclusion. They estimate a proxy-SVAR, and the
point estimates show an upwards trend up to six months before retracing, but with similarly
statistically imprecise response with confidence bands containing zero throughout. This
comparison suggests there is not a large difference between the response of two year and

five-year fixed mortgages.

Interestingly, the robustness analysis in section 5.2 finds that pass-through is greater in
magnitude and precision in the pre-Covid subsample, suggesting that the strength and

precision of transmission may vary across regimes and volatility.
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Figure 10: House prices
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Figure 10 shows the response of real house prices, with nominal shown as the dashed red line
for comparability. The point estimates suggest that house prices remain stable for
approximately five months, before declining. The point estimate reaches approximately 1.7%
below baseline by month 12 and continues to decline to approximately 3.5% by month 24,
though confidence bands remain wide, and the response is not statistically significant at the
95% level. The response becomes statistically significant at the 68% confidence level from
around 18 months. The similar response of real and nominal house price responses indicate

that the observed decline is not driven by inflation dynamics.

The delayed response is consistent with the lagged adjustment predicted by theory and aligns
with the hypothesis of a lagged decline in house prices (H2). House prices are affected by
multiple transmission channels, such as the wealth and credit channels that operate gradually

and can amplify effects at longer horizons.

When comparing to the empirical studies, the decline observed broadly aligns with UK
evidence, however there are differences in the shape and magnitude of estimates. For
example, Albuquerque et al., (2025) report a similarly delayed and gradual decline in
aggregate real and nominal house prices following a contractionary shock using a
proxy-SVAR framework and the same high-frequency UK monetary policy surprise series.
However, they find that house prices reach a trough of approximately 1.5% following a 25bp
shock at around 16 months, before beginning to rise, and documenting a curved shape. In
contrast this study finds that house prices continue to fall and reach the lowest and 68%

significant point at the furthest horizon. However, the well-known property of local
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projections that variance grows with the forecast horizon (Jorda, 2005), hence confidence
bands are at their widest at month 24, so the point estimates at the longest horizons are less
precise and could be closer to zero. It also may be the case that after 24 months prices start to

rise.

Figure 11: Rent prices
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Figure 11 displays the response of real rent prices, with nominal shown as the red line for
comparability. In contrast to house prices, real rents exhibit a positive response to a
contractionary shock to Bank Rate. The point estimates suggest that rents remain broadly
unchanged for the first six months, before showing a hump shaped response. They gradually
rise and reach a peak of approximately 0.6% after around 15 months, before declining back
close to zero by around month 22. The estimates are statistically significant at the 68%
confidence level between months 11 and 19, although remain statistically insignificant at the
95% level throughout. This pattern aligns with what was hypothesised with a positive lagged
response of rents (H3). Nominal rents follow a close trajectory to real rents over the horizons,
diverging marginally around medium-term horizons, suggesting the observed rent increase is

not primarily driven by inflation dynamics.

The lagged increase in rents could be explained by potential supply and demand dynamics in
the housing market. On the demand side, higher mortgage or general borrowing costs can
price households out of homeownership, and towards rent prices, which could place upward
pressure on prices. On the supply side, landlords facing higher mortgage payments may raise

rental prices to cover costs. Both of these mechanisms operate at a lagged response.

Comparing to the existing empirical studies, the timing and humped shaped of the results is

consistent with some UK studies. Albuquerque et al., (2025) use the same aggregate rent
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series between 1997-2023 using a proxy-SVAR to find that real rent prices follow a similar
trend and begin rising from around month five before gradually returning near zero.
However, the point estimates vary in magnitude, with this study reporting a peak of 0.6%,
whilst they report a peak of approximately 0.4%, though both estimates have high uncertainty
so may not be statistically distinguishable given the width of the confidence bands.
Additionally, they find that nominal house prices do not move in tandem, remaining close to

zero before falling from horizon 15.

Other studies report a different shaped response of rent prices. Lazarowicz and Richard
(2023) who also estimate using the same rental index in a proxy-SVAR similarly report an
increase following 5 months but find that it continues to gradually rise and does not retrace at
all, reaching a peak of approximately 0.2%. The differences may be due to methodological

and time period used in the sample.

Overall transmission

Taken together, the shape and point estimates of the IRFs provide evidence on how monetary
policy transmits through the housing sector. A key finding is that the response of two-year
fixed mortgage rate is weaker than expected, whilst house prices show a persistent decline.
This suggests that the cash-flow channel alone cannot account for the house price response,
with it likely that other transmission channels operate alongside it, such as intertemporal
substitution, wealth and credit. This interpretation comes with a caveat as the study uses a
single mortgage product as its rate indicator. Other mortgage products, such as variable-rate
mortgages may transmit Bank Rate changes more quickly (De Stefani and Mano, 2025) and
are still a product taken by UK households. Therefore, the cash-flow transmission channel

may have a stronger impact in practice than the two-year fixed mortgage product implies.

Another key finding is that rent prices increase whilst house prices fall, which could be due to
by potential supply and demand dynamics in the housing market. Tighter monetary policy
shifts demand away from homeowning and towards renting and landlords may pass on higher
financing costs, particularly those approaching remortgage when Bank Rates are high. Most
landlords hold buy-to-let mortgages, making them particularly exposed to higher interest

rates at times of remortgage (Zemaityte et al., 2023).
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5.2 Robustness tests
5.2.1 Controls and lag structure

Results are robust to variations in lag lengths of the dependent variable. Alternative lag
lengths of 6 and 18 are plotted against the baseline 12 lags of the outcome variable, and show
similar shape and timing, with house prices shown as Figure 3 in the Appendix. Similarly, the
removal of GDP does not skew results, which suggests that the identified effects primarily
capture the transmission of unexpected monetary policy shocks rather than broader economic

activity, with house prices reported in Figure 4 in the Appendix.
5.2.2 Sample-period sensitivity and data structural breaks

To assess whether the results are driven by the post-Covid elevated volatility, the IRFs are re-
estimated on a restricted 2005-2019 sample. The estimated IRFs show similar signs, shapes
and direction to the headline results across outcomes. However, confidence intervals are
narrower, and estimates are more precise, particularly for mortgage rates and rents

(Figure 12). This likely reflects the unusual post-2020 period and suggests that monetary
policy transmission may operate differently across regime shift or volatility. Two-year fixed
mortgage rates show a statistically significant increase at the 68 per cent confidence level in
the first few months following the shock, suggesting that pass-through to fixed rates may be

more clearly identified in more stable monetary policy environments.

Figure 12: Restricted sample: 2005-2019
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The rent price series and the two-year fixed mortgage rate series are subject to known
methodological breaks. For rents, IRFs are estimated over a 2005-2015 subsample and yields
responses that are similar in shape and timing to the 2005-2019 sample, confirming

robustness to the methodology change. Mortgage rate series exhibit an additional break after
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2019 and restricting the sample produces a similar response pattern, but with greater

precision, which could point to the COVID-era period rather than data construction.

5.2.3 Alternative Instrument

The choice of monetary policy surprises can impact the estimated effect of monetary policy
(Ramey, 2016). To assess the sensitivity of this choice, the analysis is replicated using an
alternative high frequency monthly shock series of Cesa-Bianchi et al., (2020), constructed
from intraday movements in financial instruments around MPC announcements. As this
series is only available up to 2015, estimates are compared with those obtained using the
UKMPD shock series over the same restricted sample period. The resulting IRFs are similar

to the baseline.

Figure 13: Alternative instrument test

2y fixed mortgage rate House prices Rent prices

(25bp shock)
N

tage deviation (25bp shock)

5 \//\/—/\4\,_
10 15 20 2 -10

Horizon (months) 0 5 10 15 20 25 !

Horizon (months)

Percentage deviation (25bp shock)

ercentage point response

P
P

o 5 20 25

10 15
Horizon (months)

6. Limitations

As with all research, it is important to acknowledge the limitations. First, the IRF point
estimates should be interpreted with care, with greater emphasis on the shape and direction
than precise magnitudes. The 95% confidence intervals contain zero across all three
outcomes, and the 68% bands exclude zero over narrow ranges. This is partly a
methodological feature of LPs as they produce less precise estimates than SVARSs in trade off
for lower bias. The lag-augmented approach applied likely amplifies this by trading degrees
of freedom for valid inference under non-stationary. Whilst this is a useful approach as you
can estimate using non-stationary data, it would be useful to estimate a SVAR on the same
dataset as a benchmark to directly compare estimates and confidence intervals and determine

the trade-offs.
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Second, LPs trace dynamic responses but do not identify the underlying transmission
channels so the relative contributions cannot be estimated within this framework. Therefore,
an extension would be to estimate a structural model, such as a HANK model to decompose
channel specific mechanisms. Region heterogeneity is a further extension, as national IRFs
may mask variation driven by local supply and demand or income. Additionally, it would be
useful to identify the impact following expansionary monetary policy, given there is limited

literature on this.

Finally, there are several data-related limitations that should be considered. The rent price
series and the two-year fixed mortgage rate series are subject to methodological and
measurement changes over the sample. In particular, the mortgage rate series is reported as an
end-of-month rate prior to 2019 and as a monthly average thereafter, while the monetary
policy shock series is aggregated from higher frequency data. This temporal misalignment
may contribute to imprecise estimation, as end-of-month observations occur after the MPC
decision and may already reflect priced-in effects. Additionally, the lead-lag robustness tests

for rents fail to reject the null, so these estimates should be interpreted with greater caution.

7. Conclusion and policy relevance

This study examines how contractionary monetary policy transmits to the housing market in
Great Britain by analysing the responses of two-year fixed mortgage rates, real house prices,
and real rent prices between 2005 and 2024 to an unexpected contractionary shock to Bank
Rate. Using an IV-LP approach, identified with high-frequency monetary policy surprises, the
analysis traces the transmission over 24 months. It extends the existing UK literature by
incorporating more of the recent tightening cycle, adding findings on rents and fixed
mortgage rates, and applying a methodological approach that has not been applied

extensively on UK house data.

The primary aim was to assess the cash-flow transmission channel operating through
mortgage rates to influence housing demand and prices. The results suggest that pass-through
via the two-year fixed mortgage rate is limited and delayed than expected, possibly due to the
fact fixed rates are priced from expected future policy paths rather than the current Bank
Rate. Real house prices decline persistently with a lag, suggesting that housing market
adjustment is likely contributed to by other transmission channels alongside cash-flow, such

as intertemporal substitution and wealth. In contrast, real rents rise gradually before reverting,
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consistent with demand reallocation toward renting alongside cost pass-through from
landlords potentially approaching re-mortgage. Taken together, the findings suggest that
monetary tightening transmits through the UK housing sector via multiple channels, with the

rental market appearing potentially disproportionately affected.

Methodologically, the lag-augmented IV-LP approach is well suited to non-stationary housing
data as you can estimate in log-levels with valid inference. However, robustness is at the cost
of wider confidence intervals, making precise estimation difficult. Nevertheless, the approach
remains informative about the direction and timing of monetary transmission. These
conclusions can help guide future research on this topic, particularly in the choice of

methodology.

The findings are relevant for policymakers as they provide recent evidence on how monetary
policy operates in practice, supporting the forecasting of key housing variables and informing
future policy decisions. The differing responses of house prices and rents suggest that
housing tenure is an important dimension of transmission, as welfare effects may be unevenly
distributed between homeowners and renters. If renters face higher prices during monetary
tightening, this may represent an unintended consequence, implying that targeted support
policies could be warranted. Furthermore, the finding that estimates are more precise in the
pre-COVID period suggests that volatility and regime change may influence how monetary
policy transmits to the real economy, with implications for policy design in uncertain
environments. Given that some estimates are imprecise, further work would help solidify

these conclusions.
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9. Appendix

Figure 1:Bai-Perron break test

Variable

Breaks

Real House Prices

“2010-09-307,42015-05-317, “2021-01-31”

Real Rent Prices

“2009-09-30”, “2015-06-30, “2020-05-31

Mortgage

“2008-12-317,,2016-02-30,2021-03-30”

Figure 2: Headline IRF tables:

Mortgage rates
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Horizon | Beta coefficient| Standard errors Significant at 5% Significant at 32%
0 0.087415594 0.048370645 Yes No
1 0.033085893 0.156985022 No No
2 0.12675351 0.14966775 No No
3 0.122349239 0.140016392 No No
4 0.131001859 0.222113728 No No
5 0.149242995 0.191629761 No No
6 0.205823885 0.157272682 Yes No
7 0.10112276 0.157476657 No No
8 0.094889857 0.149249953 No No
9 0.075646979 0.163061034 No No
10 0.069917002 0.182183797 No No
11 0.019903397 0.210766759 No No
12 -0.00461609 0.259284703 No No
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13 -0.06721439 0.292175076 No No
14 -0.082851287 0.307564908 No No
15 -0.064927238 0.303981647 No No
16 -0.064684246 0.283722606 No No
17 0.012372542 0.258332733 No No
18 0.070215018 0.2513148 No No
19 0.114569573 0.236425064 No No
20 0.039539577 0.282870847 No No
21 0.094501867 0.282665971 No No
22 0.008652768 0.302314919 No No
23 0.034833396 0.28239377 No No
24 0.015338062 0.283337406 No No
House prices
Horizon | Beta coefficient| Standard errors Significant at 5% Significant at 32%
0 0.098163611 0.122812295 No No
1 0.069602099 0.261836433 No No
2 -0.050237931 0.367760005 No No
3 -0.037405859 0.476670333 No No
4 -0.05480188 0.700595359 No No
5 -0.187754237 0.875407629 No No
6 -0.534314026 1.029421222 No No
7 -0.472783675 1.245412374 No No
8 -0.89218207 1.448703556 No No
9 -1.155348606 1.681924221 No No
10 -1.42887145 1.864207318 No No
11 -1.655653516 2.027446624 No No
12 -1.748739456 2.085089402 No No
13 -1.851738852 2.145706404 No No
14 -1.820106643 2.213080006 No No
15 -1.891053539 2.214078287 No No
16 -1.824847949 2.329123861 No No
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17 -1.707792144 2.233829088 No No
18 -1.93731077 2.195111853 No No
19 -2.650102263 2.564390088 Yes No
20 -2.738496084 2419123774 Yes No
21 -2.703984155 2.374961579 Yes No
22 -3.216213235 2.528041812 Yes No
23 -3.433262089 2.713224022 Yes No
24 -3.475583661 2.772880786 Yes No
Rent prices
Horizon | Beta coefficient| Standard errors Significant at 5% Significant at 32%
0 u 0.05457576 No No
1 -0.012353118 0.14661173 No No
2 -0.047487851 0.16051961 No No
3 0.007467976 0.172680187 No No
4 -0.019919758 0.228286287 No No
5 -0.034775994 0.28465059 No No
6 -0.028011023 0.26753087 No No
7 0.120519571 0311775194 No No
8 0.272178651 0.354813716 No No
9 0.282553194 0.340991009 No No
10 0.215173402 0.319855727 No No
11 0.40082607 0.345423687 Yes No
12 0.559832298 0.397754311 Yes No
13 0.704089379 0.424141421 Yes No
14 0.740487818 0.438083987 Yes No
15 0.764173175 0.4749072 Yes No
16 0.695030564 0.452343086 Yes No
17 0.71340794 0.483033791 Yes No
18 0.686393221 0.45153483 Yes No
19 0.385435838 0.340744729 Yes No
20 0.248328595 0.32464308 No No
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21 0.227406115 0.328066704 No No
22 -0.024180154 0.3980862 No No
23 0.041815954 0.398826889 No No
24 -0.049875452 0.425552978 No No

Figure 3: Alternative lags: Real house prices

Percentage deviation (25bp shock)

Light shaded area: 95% Cl | Dark shaded area: 68% CI
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